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The Use of Large Language Models in
Military Computer Simulations in
Taiwan’s Army

Yu-Yau LUO

ABSTRACT

This study aims to explore the potential applications and impacts of
large language models in military wargaming for Taiwan’s army. It also
seeks to analyze how rapidly deployable large language models can
enhance the Military Decision-Making Process (MDMP) to improve the
efficiency and effectiveness of wargaming.

Study results indicate that large language models demonstrate
extensive application potential in decision-making processes. Specifically,
they can accelerate the generation of action plans, enhance military
simulations and rapid battlefield prediction capabilities, improve the
accuracy of enemy situation analysis and forecasting, generate diverse
action plans, enhance the ability to capture battlefield information, and
improve the realism and dynamism of simulation exercises.

However, the study also highlights the challenges that may arise during
the implementation process, such as information security, ensuring
harmonious human-machine collaboration, enhancing the transparency
and interpretability of models, and addressing ethical concerns related to
Artificial Intelligence (AI). Therefore, it is advisable to commence
extensive research and development of military Al technology, enhance the
training of relevant professionals, and establish appropriate policy

frameworks to address these challenges.

Keywords: Large Language Model, Generative Adversarial Network,
COA-GPT, Military Decision-Making Processes, Al ethics
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